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∙ We study racial gaps in UI receipt among White and Black individuals.

∙ Black individuals are 30% less likely to receive UI and receive 46% fewer benefits.

∙ Gaps are unlikely to be driven by differences in eligibility for UI.

∙ Much of the gap is due to Black workers’ lower earnings and location in the South.
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A B S T R A C T

This paper studies differences in unemployment insurance (UI) benefit receipt among White and Black individuals. 

We combine data containing detailed information on individuals’ work history and UI receipt with state-level UI 

regulations. Black individuals who separate from a job are 30 % less likely to receive UI and receive 46 % fewer 

benefits than White individuals. These gaps are similar in magnitude among individuals who are likely eligible 

for UI. Statistical decompositions indicate that 37 % of the gap in UI receipt and 65 % of the gap in UI benefit 

amount are explained by Black workers’ lower pre-unemployment earnings and higher tendency to live in the 

South.

1. Introduction

In the United States and many other countries, public unemploy-

ment insurance (UI) is the most important buffer against lost income 

for displaced workers (East and Simon, 2024). While UI mitigates the 

decline in consumption after job loss (Gruber, 1997; East and Kuka, 

2015), insurance is incomplete, as job loss still leads to lasting de-

creases in income, consumption, and life expectancy (Jacobson et al., 

1993; Stephens, 2001; Sullivan and von Wachter, 2009; Ganong and 

Noel, 2019). Moreover, these negative effects are not equal across racial 

groups, with the consumption of Black individuals falling by much more 

than that of White individuals (Ganong et al., 2020).

Motivated by these findings, this paper studies whether non-Hispanic 

Black and White individuals benefit equally from UI. Black individuals 

have less income and wealth than White individuals, face higher unem-

ployment rates, and live in different parts of the United States. These 

contemporaneous differences in socioeconomic status, combined with a 

long history of public and private discrimination, could lead to racial 

differences in UI benefit receipt and eligibility, and even benefit receipt 

among those who are eligible (i.e., take-up).

Individuals must submit an application and meet eligibility cri-

teria to receive UI benefits. Eligibility and benefit levels depend on 

prior earnings, the number of dependents, and the state and year in
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which individuals lose their job. While there are no financial costs, 

applying for UI requires a non-negligible amount of time and en-

ergy. Such application costs could either discourage individuals with 

a higher opportunity cost of time from applying (e.g., Nichols and 

Zeckhauser, 1982) or screen out the most needy (e.g., Bertrand et al., 

2004; Deshpande and Li, 2019). Moreover, individuals might be more 

likely to apply for UI when they stand to receive higher benefits (e.g., 

Currie, 2006). A racial gap in UI receipt could thus stem from differ-

ences in the characteristics that determine eligibility and benefit levels 

or differences in the decision to apply for benefits, which itself might 

depend on a complex set of economic and social factors.

To conduct our analysis, we code state-level UI regulations from 

1990 to 2015. Eligibility rules differ across states, but generally require 

that individuals work in a job covered by the UI system for a minimum 

amount (usually specified as an earnings threshold), before losing a job 

through no fault of their own. Individuals must also actively search for a 

job and be available to work to qualify for UI. Other program rules gov-

ern the amount of benefits per week and the number of benefit weeks 

available. We combine these UI rules with individual-level panel data 

from the Survey of Income and Program Participation (SIPP). The SIPP 

provides detailed information on individuals’ reported benefit receipt 

and work history, which helps us identify whether individuals are likely 

to be eligible for benefits.

We begin by documenting differences in UI receipt between Black 

and White individuals. In our sample, 39 % of White individuals receive 

UI within the 12 months after separating from a job into unemployment. 

UI receipt is considerably lower among Black individuals, at 27 %. The 

racial gap is even larger when considering the total amount of benefits 

received, with White individuals receiving $2180 (in 2019 USD) within 

those first 12 months and Black individuals receiving only $1168. These 

gaps imply that the likelihood of UI receipt is 30 % lower among Black 

individuals and the total amount of benefits received is 46 % lower. We 

also find that racial gaps are large throughout our period of analysis, 

1990–2015, though they decline in magnitude in the last decade.

When focusing on individuals whom we identify as being likely eli-

gible for UI according to both monetary and non-monetary criteria, we 

continue to find sizable gaps. Among the likely-eligible sample, we find 

that 56 % of White individuals receive benefits, compared to 41 % of 

Black individuals, and that White individuals receive on average $3275 

while Black individuals receive only $1807. These gaps among likely-

eligible individuals are very close to the overall gaps, implying that 

differences in eligibility are unlikely to account for the overall UI gaps.

Why is there a racial gap in UI, even among likely-eligible indi-

viduals? Generating evidence on what might drive this gap is key to 

understanding what policies might close it. But answering this question 

is also complex because race is deeply linked to many other variables, 

like income and regional patterns (e.g., Spriggs, 2020; Darity, 2022). 

For example, race may affect labor market opportunities, which affect 

potential benefit levels and possibly knowledge about UI eligibility, and 

these in turn can influence UI take-up (Currie, 2006). Moreover, Black 

individuals are more likely to live in Southern states, which may set 

different UI benefit levels and application procedures partly because of 

race.

While we cannot causally determine the effect of race vs. these other 

characteristics on the UI racial gap, we can study which characteris-

tics are more strongly associated with the gap, which ones have little 

relationship with it (and are thus unlikely to causally affect the gap), 

and how much of the gap remains unexplained. We use the approach of 

Gelbach (2016) to decompose the unconditional racial UI gaps among 

individuals who are likely eligible for UI into explained and unexplained 

components. To do so, we consider a wide range of individual-level and 

state-level variables that could affect the likelihood of UI receipt and 

total benefits received.

We find that observed characteristics (and their correlates) can ex-

plain 65 % of the Black–White gap in UI receipt and 78 % of the gap 

in total benefits received. The single most important variable is Black

workers’ lower pre-unemployment earnings, which explains 23 %–49 % 

of these gaps. Conditional on the other included variables, little of the 

racial gaps is explained by (non-race) demographics, education, and po-

tential UI benefits, or the economic conditions and policies in place in 

the state and year when individuals lose their jobs. However, we find 

an important role for broad regional factors. Conditional on a battery 

of observed variables (including state-specific UI policies and economic 

conditions), UI receipt and benefit amounts are lower in the South, 

where unemployed Black individuals are much more likely to live. A 

fixed effect for the South accounts for around 15 % of the racial gaps, 

while other regions do not have much explanatory power. Potential ex-

planations for the 22 %–35 % of racial gaps that are not correlated 

with observed variables include unequal treatment of individuals by 

case workers and employers (Lachowska and Woodbury, 2022), as well 

as different perceptions of UI eligibility and benefits (Gould-Werth and 

Shaefer, 2012), though of course these factors could also contribute to 

some of the explained variation.

While the SIPP allows us to observe many variables not available in 

administrative data, a potential concern is that our results are driven by 

race-specific measurement error. Although we are unable to quantify the 

extent of such measurement error directly, several factors suggest that 

it does not account for our results. Prior work identifies imputations 

as a major source of reporting errors (e.g., Meyer et al., 2020; Celhay et 

al., 2021), and our sample excludes individuals for whom UI receipt and 

benefit amounts are imputed to reduce the scope for measurement error. 

Moreover, we find that multiple measures of racial gaps in UI receipt 

are stable over time. By comparison, Meyer et al. (2015) document that 

measurement error of UI benefit dollars in the SIPP and other surveys has 

increased substantially over time. Finally, we use administrative data on 

weekly benefit amounts from the Department of Labor Benefit Accuracy 

Management (BAM) program, and we show that our estimated gap in 

the amount of UI benefits received is larger in magnitude when using 

these data (i.e., the racial gap in the weekly benefit amount is slightly 

understated in the SIPP).

The key contribution of this paper is evidence on the size and na-

ture of racial differences in UI receipt. Previous influential research has 

analyzed patterns in UI receipt over time and studied its determinants 

(e.g., Blank and Card, 1991; Anderson and Meyer, 1997), but has not 

focused on race. Several papers document (sometimes imprecisely esti-

mated) racial gaps in UI receipt using single years of survey data (Lee, 

2004; Gould-Werth and Shaefer, 2012; Nichols and Simms, 2012; Carey 

et al., 2021), or BAM data (Michaelides and Mueser, 2012). We con-

tribute to this work by showing that the racial UI gap has been stable 

over a nearly 30-year period, using detailed state UI laws and longitudi-

nal survey data to demonstrate that the UI receipt gap is unlikely to be 

driven by differences in UI eligibility, and estimating a decomposition 

that sheds light on the sources of the gap. Contemporaneous work by 

Skandalis et al. (2022) also provides valuable evidence on racial gaps 

in UI benefits using BAM data from 2002 to 2017. BAM data contain 

excellent information on claimants’ work history but only cover individ-

uals who apply for UI. Previous work suggests that only about 45 % of 

monetarily-eligible unemployed individuals apply for UI (Lachowska et 

al., 2022), which raises the possibility that racial gaps among UI appli-

cants could differ from racial gaps among all unemployed individuals. 

Our use of the SIPP allows us to estimate racial gaps without condi-

tioning on UI application status, leading to racial gaps that are larger in 

magnitude than those estimated with BAM data. Moreover, we can study 

the role of many possible determinants of UI gaps, such as demographics, 

state level policies or economic conditions, and regional factors.

Our paper also contributes to the literature examining safety-net 

program receipt more broadly (e.g., Currie, 2006; Finkelstein and 

Notowidigdo, 2019; Deshpande and Li, 2019). This literature generally 

finds that program take-up is higher when the level of benefits is higher 

and when application costs are lower. While our results confirm that 

UI receipt is higher when potential benefits are higher, we also find 

that the racial gap in UI receipt is not explained by racial differences in
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potential benefits. We find that Black individuals’ reduced receipt of 

UI is partially accounted for, in a statistical sense, by their lower level 

of earnings and the fact that they are more likely to live in the South. 

However, a meaningful portion of the gap is not explained by a battery of 

observed variables. These results underscore the empirical importance 

of other explanations for the racial gap in UI receipt.

We also contribute to the enormous literature on racial disparities 

in labor market outcomes (Altonji and Blank, 1999) by providing new 

evidence on the magnitude and nature of the Black–White gap in UI 

receipt. Since UI is the primary form of social assistance for job losers, 

racial disparities in UI receipt underscore further disadvantages faced 

by Black workers.

2. Estimating racial differences in UI receipt 

2.1. Background on unemployment insurance

Subject to some federal requirements, states can decide most pa-

rameters that determine whether an individual is eligible for UI, the 

weekly benefit entitlement, and its duration. Because this paper seeks 

to estimate UI receipt among individuals who are likely to be eligible 

for UI (“likely eligibles”) by race, we need to estimate which unem-

ployed workers are eligible for the program. Our coding of state and 

federal laws builds on the UI calculator used in Kuka (2020). We rely on 

the Significant Provisions of State Unemployment Insurance Laws pro-

duced semi-annually by the Department of Labor and cross-reference 

state legislation when necessary. This section provides a brief summary 

of these laws. Our sample ends in 2015, so we do not address the nu-

merous changes to UI made in response to the 2020 pandemic and 

recession.

Individuals are generally eligible for UI only if they lose a job through 

no fault of their own. In addition, individuals must satisfy a minimum 

earnings criterion, which can depend on base period wages (usually 

defined as the first four quarters of the last five quarters before job 

loss), their distribution across quarters (e.g., the amount of earnings in 

the highest-earning quarters), and base period hours of work. 

1 ,2 The 

weekly benefit level also depends on base period wages, their distribu-

tion across quarters, and statutory minimum and maximum amounts. 

Many states provide higher weekly benefits to unemployed individuals 

with dependent children.

Unemployed individuals can receive benefits for a certain number of 

weeks. Under the regular UI program, the potential benefit duration can 

depend on base period wages and their distribution, as well as the num-

ber of weeks worked in the base period. In most states, the maximum 

potential benefit duration is 26 weeks during normal times, but this in-

creases during periods of economic distress. Individuals are eligible for 

13 or 20 additional weeks of benefits, depending on the state unemploy-

ment rate, under the Extended Benefit program, and additional weeks 

under various other emergency programs.

Our UI calculator identifies likely UI eligibility, potential weekly 

benefit amount, and potential benefit duration for each individual. 

To generate accurate estimates of these variables, we require data 

containing information on why individuals separated from their job, 

whether they search for a new job, the quarterly distribution of pre-

unemployment earnings and employment, the state and year in which 

the job loss occurred, and the number of dependents.

1 A few states have a minimum hours requirement for eligibility. For these 

states, we calculate individuals’ hours worked in the quarters before the job 

separation and use those hours to calculate UI eligibility.
2 In some states, individuals who fail to qualify for benefits using base period 

wages can use wages from a more recent period, called the Alternative Base 

Period, to meet the earnings requirement. We allow for eligibility under both 

the Standard and Alternative Base Periods in our analysis.

2.2. Data

Our main data source is the 1990–2014 panels of the Survey 

of Income and Program Participation (SIPP). Each SIPP panel is a 

longitudinal, nationally representative survey that generally interviews 

households at four-month intervals (waves) for 2.5–4 consecutive 

years. 

3 In each wave, respondents provide detailed information on em-

ployment, earnings, and program participation for each month in the 

period between interviews, facilitating the construction of a detailed 

monthly panel of individuals. Moreover, unlike most data sets containing 

administrative UI records, the SIPP contains demographic information 

for all respondents.

We use the SIPP to construct two key samples of interest. First, 

we focus on a broader sample of all individuals who separate from a 

job into unemployment (“all unemployed”) to generate a comprehen-

sive view of racial inequality in UI. This sample contains non-Hispanic 

White and Black individuals aged 25–64 who experience a job separa-

tion from month 16 onwards in their SIPP interview and are unemployed 

at some point during the first three months after job separation. 

4 For 

each individual, we identify the first job separation and use informa-

tion on pre-separation earnings and hours worked, industry and union 

status, reason for separation, whether they searched for a job while un-

employed, state and year of separation, as well as other demographic 

characteristics. We collect information on unemployment status and re-

ported UI receipt in the first 12 months after the job separation. We focus 

on a 12-month period after job separation to allow for the possibility of 

a delay in when individuals apply for and receive UI benefits, but in ro-

bustness checks we show that the results are not sensitive to the length 

of the follow-up period. We exclude all observations for which UI receipt 

or the level of UI benefits received is imputed, because imputations are 

an important source of error when measuring transfer receipt (Meyer et 

al., 2020).

Our second main sample consists of individuals who are likely eli-

gible for UI. This sample allows us to focus on decision-making among 

individuals who have the option to receive UI. We identify monetary 

eligibility based on pre-separation earnings and hours worked. 

5 We 

identify non-monetary eligibility based on whether individuals experi-

ence an involuntary separation and whether they look for a new job 

while unemployed. We classify individuals as eligible for UI if they 

satisfy both the monetary and non-monetary eligibility requirements. 

6

Supplementary Appendix Table A.1 compares our all unemployed 

sample to all individuals aged 25–64 in the SIPP. 

7 Individuals who ex-

perience a job separation and become unemployed are more likely to be 

male, single, and younger. Moreover, they are more likely to be eligible 

for and to receive UI benefits, and are also eligible for higher benefit 

levels. The differences between our main sample and all individuals are 

broadly similar for both White and Black workers.

We use our database of state UI rules and the SIPP to estimate eligi-

bility, potential benefit weeks, and the potential benefit amount for each 

person in our sample. We also create summary measures of UI policies

3 An exception is the 2014 panel, which interviews households every 12 

months, for 4 years.
4 We restrict the sample to observations from interview month 16 onwards so 

that we can observe sufficient pre-separation work history. Unemployment here 

means that an individual was either laid off (including temporary layoffs) or not 

employed and looking for work.
5 To evaluate eligibility under the Standard Base Period, we use the first four 

quarters of the five quarters before job separation. For the Alternative Base 

Period, we use the most recent four quarters before job separation.
6 In our baseline approach, we allow individuals to meet the job search re-

quirement over the same 12-month window that we use to measure UI benefits. 

In robustness tests, we show that results are similar when using shorter horizons.
7 For all summary statistics, we keep only one observation per person, for ei-

ther month 16 of the survey, if the individual never experiences a job separation, 

or the month of separation.
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in each state and year. We first construct a nationwide sample of indi-

viduals that experience an involuntary job loss from month 16 onwards 

in their interview cycle. Then, we construct the share of this fixed sam-

ple that would be eligible for UI and the average weekly benefit amount 

among eligible individuals if they (hypothetically) lost their job in each 

state and year. This approach uses actual UI rules for each state and 

year. Because we use the same sample of individuals in each state and 

year, these simulated measures thus only depend on state policy vari-

ation, and not on who is unemployed in each state and period (Currie 

and Gruber, 1996).

We use a variety of additional data sources to measure state eco-

nomic and policy conditions that could influence UI receipt. To proxy 

for the administrative hurdles that UI applicants face, we use state-level 

data from the Department of Labor that approximate the share of initial 

UI claims that are denied and the share of claims that are filed via the 

Internet, telephone, or mail, in person, or through an employer. 

8 We 

measure state economic conditions using the logarithm of gross state 

product from the BEA and the unemployment rate from the BLS. As 

policy variables, we include the maximum AFDC benefit available to a 

family of four, the state EITC benefit as a percent of the federal EITC, 

and the state minimum wage. We also use data recording whether a 

state has a Republican governor (Kaplan, 2018) and the share of state 

legislature seats held by Republicans (National Conference of State 

Legislatures, 2021). We adjust all dollar amounts to represent 2019 

dollars using the CPI-U.

2.3. Empirical strategy

To analyze racial differences in UI receipt and benefit amounts, we 

start by comparing simple averages among Black and White individu-

als. These unconditional gaps are of central importance because they 

reveal whether access to UI benefits is unequal. Formally, we estimate 

the unconditional Black–White gap in variable 𝑌 with the following 

regression:

𝑌 = 𝐵𝜃 

𝑢 + 𝜖, (1)

where 𝐵 is a Black indicator, 𝜃 

𝑢 is the unconditional gap, and we assume 

without loss of generality that all variables have zero mean to simplify 

the subsequent exposition.

We are also interested in estimating UI gaps conditional on observed 

characteristics for two reasons. First, Black and White individuals differ 

along several demographic and economic dimensions, and conditional 

gaps quantify how much of the unconditional Black–White gap in UI out-

comes is correlated with these dimensions. Second, observed variables 

that explain a large fraction of the Black–White UI gaps could be the un-

derlying determinants of racial differences in UI. For example, if higher 

income individuals are more likely to receive UI, then the Black–White 

income gap could potentially explain racial differences in UI receipt.

To flexibly estimate conditional gaps in UI receipt, we follow the 

methodology from Gelbach (2016). Letting 𝑋 be a 𝐾-dimensional vector 

of observed covariates, the conditional gap is given by 𝜃 

𝑐 in the following 

equation:

𝑌 = 𝐵𝜃 

𝑐 + 𝑋𝛽 + 𝜀. (2)

The difference between the unconditional and conditional gaps can then 

be written as:

𝜃 

𝑢 − 𝜃 

𝑐 =
𝐾
∑

𝑘=1
Γ 𝑘 

𝛽 𝑘, (3)

where Γ 𝑘 

is the coefficient from regressing 𝑋 𝑘 

on 𝐵 and 𝛽 𝑘 

is the 𝑘th 

element of 𝛽 in Eq. (2). The key insight from Gelbach (2016) is that the

8 In particular, we approximate the denial rate using one minus the ratio of 

initial unemployment payments to initial unemployment claims.

familiar omitted variable bias formula leads to the decomposition in Eq. 

(3), which depends on the product of the Black–White gap in variable

𝑋 𝑘 

(Γ 𝑘 

) and the strength of the relationship between variable 𝑋 𝑘 

and

the dependent variable (𝛽 𝑘 

).

This approach offers several benefits in our setting. First, it avoids the 

common problem of sequential decompositions, which depend on the 

order in which covariates are added. 

9 Instead, this approach quantifies 

the importance of variables conditional on the other variables in the decom-

position. Second, the additive structure in Eq. (3) makes it very easy to

include a flexible set of control variables. However, this decomposition 

only provides a statistical accounting of the observed correlations, and 

does not describe causal relationships, as we discuss further below.

3. Results

In this section, we begin by summarizing the overall size of racial 

gaps in UI receipt. We then discuss potential explanations for these gaps 

in light of previous research on benefit take-up and summary statistics 

for our analysis sample. After studying the role of the interaction be-

tween pre-existing labor market disparities and UI policies, we report 

the results of decompositions that allow us to gauge the importance of 

a broader set of factors. We conclude with a discussion of robustness 

checks.

3.1. Overview of racial gaps in unemployment insurance receipt

We start by showing average UI receipt separately for White and 

Black individuals in Fig. 1(a). While 39 % of White individuals in our 

all unemployed sample receive UI at some point in the 12 months after 

a job separation, only 27 % of Black individuals do so. Fig. 1(b) sum-

marizes the total amount of UI benefits received in the 12 months after 

a job separation. Black individuals receive $1168 on average, which is 

46 % less than the $2180 received by White individuals. The $1012 

gap in benefit receipt is nearly 40 % of the average amount of federal 

EITC benefits paid in 2020 (Internal Revenue Service, 2021). The mag-

nitude of the Black–White gap in UI benefits received thus highlights its 

economic significance. 

10

As an initial step towards understanding the sources of these UI gaps, 

Fig. 1(c) and (d) plot the UI receipt rate and benefit amount for White 

and Black individuals over time. We calculate means for 5-year intervals 

to avoid spurious patterns that could arise because of the SIPP’s panel 

design. 

11 The Black–White gaps in UI receipt and benefit amount were 

large over the three decades covered by our data, though they declined 

in magnitude in the last decade. Future work should study whether the 

closing of the gap is permanent, and if so, its causes. The overall sta-

bility shown in Fig. 1(c) and (d) also suggests that changes in survey 

methodology—such as the 1996 redesign of the SIPP or the decline in 

survey response rates (Meyer et al., 2015)—do not explain the estimated 

racial UI gaps.

3.2. Labor market disparities and racial gaps in unemployment insurance 

eligibility

One immediate potential explanation for the overall racial gap in 

UI receipt is a difference in eligibility rates. Most notably, lower lev-

els of earnings before job separation for Black individuals could reduce 

their eligibility for UI through the work history requirement. To gauge

9 For example, if two variables are strongly correlated, then a sequential de-

composition could identify either one of those variables as having a key role, 

depending on which variable is added first.
10 The gap in overall benefit receipt reflects differences in eligibility, weekly 

benefit amounts, potential benefit weeks, and actual benefit weeks claimed.
11 Because SIPP panels occur at 1–6 year intervals and we examine job separa-

tions from month 16 onwards within a panel, annual means can fluctuate due 

to changes in sample size and composition.
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Fig. 1. Unemployment Insurance among White and Black Individuals. Notes: This figure shows UI receipt and benefit amount, separately by race. Panel (a) presents 

the share of unemployed workers that receive UI, while Panel (b) presents the total amount of benefits received, both in the first 12 months after a job separation. 

These averages are calculated using individual monthly weights. In panels (c) and (d), averages are calculated using 5-year intervals and individual monthly weights. 

The sample consists of individuals ages 25–64 who separate from an employer in their SIPP month of interview 16 or later, become unemployed at some point during 

the first 3 months after job separation, and do not have imputed responses for UI receipt. Likely eligible individuals are defined as those that separate through no 

fault of their own, satisfy state requirements on pre-unemployment work history, and search for work while unemployed. Source: Authors’ analysis of the 1990–2014 

SIPP panels. (For interpretation of the references to colour in this figure legend, the reader is referred to the web version of this article.)

the quantitative importance of this explanation, we start with summary 

statistics of the characteristics of White and Black individuals in Table 1.

The racial gap in work history before unemployment is sizable. As 

seen in columns 1 and 4, pre-unemployment earnings among Black indi-

viduals in our broader sample are around $10,000, or 31 %, lower than 

among White individuals. Black individuals also have less work history 

as measured by weeks and hours of work.

To understand whether these labor market disparities translate into 

differences in UI eligibility, we turn to Table 2, which reports sum-

mary statistics for a variety of UI measures. White individuals are more 

likely to be eligible for UI than Black individuals (56 % vs. 52 %), 

especially because White individuals are more likely to satisfy the 

monetary eligibility requirement (88 % vs. 81 %). The maximum po-

tential amount of UI—calculated as the product of the weekly benefit 

amount and the maximum number of potential benefit weeks—is also 

much larger for White individuals than for Black individuals ($4779 vs. 

$3532).

A straightforward way of gauging the importance of the interaction 

between pre-existing labor market disparities and UI policies is by com-

paring the Black–White eligibility gap to the Black–White receipt gap. 

The eligibility gap, at 3.6 percentage points, is 31 % of the overall receipt 

gap. This suggests that racial disparities in UI go beyond labor market 

disparities and statutory rules that affect eligibility. This conclusion is 

strengthened when focusing on individuals who are likely eligible for UI 

in columns 2 and 5: we continue to see sizable gaps in both UI receipt

(56 % vs. 41 %) and total UI benefits ($3275 vs. $1807). 

12 Racial gaps 

in UI receipt are quite stable over time among individuals who are likely 

eligible for UI (Supplementary Appendix Fig. A.1).

3.3. Potential explanations for racial gaps in take-up

Why are Black individuals who are likely eligible for UI benefits less 

likely to receive them than White individuals? Prior work on the take-up 

of social benefits highlights several possible drivers of take-up that could 

differ by race (e.g., Currie, 2006). First, Black individuals might be less 

likely to take up UI if they value its benefits less. The value of UI ben-

efits depends both on the benefit amount and its possible duration, as 

well as the marginal utility of consumption, which in turn may depend 

on factors like individuals’ wealth and the likelihood of being recalled 

to their former employer. Second, Black individuals might be less likely 

to take up UI if the costs are higher. The costs of applying for UI in-

volve both psychic and time costs of gathering background information 

and submitting the necessary paperwork, in addition to stigma. Third, 

take-up depends on information and perceptions about UI benefits and 

costs. For example, evidence from the CPS UI Nonfilers Supplements 

suggests that many unemployed individuals do not apply for UI bene-

fits because they believe they are ineligible (Vroman, 2009). Moreover,

12 Supplementary Appendix A reports the results of a decomposition exercise 

which provides additional support for this conclusion.
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Table 1 

Demographics and work history by race.

White Black

Ever

unemployed

(1)

Ever

UI eligible

(2)

Ever

UI recipient

(3)

Ever

unemployed

(4)

Ever

UI eligible

(5)

Ever

UI recipient

(6)

A: Demographics

Female 0.45 0.40 0.40 0.52*** 0.49*** 0.55***

Age 40.05 40.65 41.72 37.52*** 38.18*** 40.22**

Married 0.54 0.56 0.59 0.31*** 0.34*** 0.38***

Number of children 0.75 0.73 0.77 1.00*** 0.99*** 1.01***

Years of education 13.30 13.32 13.25 12.80*** 12.85*** 12.95**

North region 0.20 0.22 0.26 0.13*** 0.15*** 0.17***

Midwest region 0.28 0.27 0.27 0.20*** 0.20*** 0.19***

South region 0.31 0.29 0.25 0.59*** 0.58*** 0.54***

West region 0.21 0.22 0.23 0.07*** 0.08*** 0.10***

B: Work history

Union member 0.10 0.12 0.15 0.07*** 0.08*** 0.10***

Annual earnings 34,844 41,241 44,318 24,132*** 28,972*** 31,808***

Annual weeks worked 42.87 46.74 47.52 39.08*** 45.96* 47.98

Usual weekly hours 37.64 40.32 41.53 33.46*** 36.36*** 39.02***

Individuals 9840 5424 2959 1822 957 397

Notes: Columns 1 and 4 contain individuals aged 25–64 who separate from an employer in their SIPP month of interview 16 or later, become 

unemployed at some point during the first 3 months after job separation, and do not have imputed responses for UI receipt. Columns 2 and 

5 restrict this sample to individuals who are estimated to be eligible for UI (by separating from their employer through no fault of their own, 

satisfying state requirements on pre-unemployment work history, and searching for work while unemployed), and columns 3 and 6 contain 

individuals who also receive UI in the 12-month period after job separation. Demographic variables are measured at the time of job separation. 

Annual earnings, annual weeks worked, and usual weekly hours are measured during the first four quarters of the five quarters before job 

separation (the standard base period). Stars indicate statistical significance of the Black–White difference in each variable for each sample 

definition based on heteroskedasticity-robust standard errors according to the following definitions: ***𝑝 < 0.01, **𝑝 < 0.05, *𝑝 < 0.1. Source: 

Authors’ analysis of the 1990–2014 SIPP panels.

Table 2 

Unemployment insurance eligibility and receipt by race.

White Black

Ever

unemployed

(1)

Ever

UI eligible

(2)

Ever

UI recipient

(3)

Ever

unemployed

(4)

Ever

UI eligible

(5)

Ever

UI recipient

(6)

A: UI receipt

Ever eligible for UI 0.556 1.000 1.000 0.520** 1.000 1.000

(0.006) (0.014)

Ever eligible for UI, monetary factors 0.876 1.000 1.000 0.811*** 1.000 1.000

(0.004) (0.011)

Ever eligible for UI, non-monetary factors 0.621 1.000 1.000 0.605 1.000 1.000

(0.006) (0.014)

Ever receives UI 0.386 0.559 1.000 0.271*** 0.406*** 1.000

(0.006) (0.008) (0.012) (0.018)

B: UI benefit amount

Total potential UI benefits 4779.4 8603.7 9274.9 3532.3*** 6796.7*** 7554.3***

(59.8) (64.7) (81.3) (116.6) (132.3) (205.3)

Potential weekly benefit amount 292.6 344.5 367.3 231.0*** 283.1*** 310.3***

(2.1) (2.4) (2.9) (4.5) (4.8) (7.4)

Potential replacement rate 0.548 0.582 0.555 0.575** 0.637*** 0.596***

(0.004) (0.005) (0.006) (0.010) (0.011) (0.013)

Potential benefit weeks 22.8 24.7 25.0 21.1*** 23.7*** 24.1***

(0.1) (0.1) (0.1) (0.2) (0.2) (0.2)

Total UI benefits received 2179.5 3274.9 5775.9 1167.5*** 1807.0*** 4348.4***

(45.8) (70.7) (99.2) (70.7) (119.1) (222.1)

Individuals 9840 5424 2959 1822 957 397

Notes: Columns 1 and 4 contain individuals aged 25–64 who separate from an employer in their SIPP month of interview 16 or later, become 

unemployed at some point during the first 3 months after job separation, and do not have imputed responses for UI receipt. Columns 2 

and 5 restrict this sample to individuals who are estimated to be eligible for UI (by separating from their employer through no fault of 

their own, satisfying state requirements on pre-unemployment work history, and searching for work while unemployed), and columns 3 and 

6 contain individuals who also receive UI in the 12-month period after job separation. UI eligibility and UI receipt are measured for the 

12-month period after job separation. Heteroskedasticity-robust standard errors are in parentheses. Stars indicate statistical significance of 

the Black–White difference in each variable for each sample definition based on heteroskedasticity-robust standard errors according to the 

following definitions: ***𝑝 < 0.01, **𝑝 < 0.05, *𝑝 < 0.1. Source: Authors’ analysis of the 1990–2014 SIPP panels.

Black unemployed individuals are more likely to say they are ineligi-

ble, are unaware of UI benefits, and did not apply because of the hassle 

(Gould-Werth and Shaefer, 2012), though not all of these differences are 

statistically significant.

Table 2 shows that, among individuals likely eligible for UI, the 

potential weekly benefit amount for Black individuals is lower ($283 

vs. $345), but this reflects their lower pre-unemployment earnings. The 

potential replacement rate, defined as potential weekly benefits divided
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by average weekly earnings in the base period, is 6 percentage points 

higher for Black individuals. 

13 This initial evidence provides little in-

dication that the take-up gap is driven by differences in the value of UI 

benefits. Table 1 also shows that Black individuals who are likely eligible 

for UI are twice as likely to live in the South (58 % vs. 29 %). 

14 Location 

could matter because states have considerable latitude in setting policies 

that affect UI benefits and costs.

Supplementary Appendix Table A.2 reports results of simple descrip-

tive regressions that measure the correlates of UI receipt and benefit 

amounts. Columns 1 and 2 report regression results where the dependent 

variable is an indicator for UI receipt in the 12 months after job sepa-

ration among all unemployed or likely-eligible individuals. In columns 

3 and 4, the dependent variable is the amount of UI benefits received 

in the 12-month period after job separation. The results indicate that UI 

receipt and benefit amounts are systematically correlated with several 

factors. Black individuals are less likely to receive UI, even when con-

trolling for a battery of other variables—a point we return to below in 

our decompositions. Moreover, higher base period wages are associated 

with higher UI receipt, even when looking at likely-eligible individuals. 

This suggests that demographics and income (and their correlates) play 

a larger role than simply determining monetary (or non-monetary) eli-

gibility. UI receipt and benefit amounts are higher when the potential 

individual replacement rate or benefit duration is higher. 

15 This find-

ing is consistent with individuals weighing the level of UI benefits in 

their take-up decision. Finally, receipt is lower in states where the de-

nial rate on initial UI claims is higher, suggesting that administrative 

hurdles lower UI receipt, and in the South.

3.4. Decomposing the Black–White gap in UI take-up

So far, we have shown that Black and White unemployed individu-

als differ on many dimensions, and that several of these dimensions are 

correlated with UI receipt and benefit amounts. A natural question is 

how much of the racial gaps are explained by differences in individuals’ 

characteristics and circumstances. Because of the complex relationship 

between race, demographics, and economic variables, we do not aim 

to estimate the causal effect of underlying variables on racial gaps. 

16 

Instead, we estimate the decomposition in Eq. (3), which quantifies the 

degree to which individual characteristics, economic conditions, and 

policies statistically account for observed gaps.

We begin with a simple decomposition in Table 3 to clarify the na-

ture of what is, and is not, identified by these decompositions. We focus 

on the role of the region where individuals lose their jobs. This focus is 

motivated by the fact that Black individuals are more likely to live in 

the South, and UI receipt rates are lower in the South. Column 1 reports 

the unconditional racial gap in UI receipt among individuals who are 

likely eligible for UI, which is −0.158 (0.020). In column 2, we control 

for three region indicators (South, Midwest, and West, with Northeast 

being the omitted category). The conditional gap is −0.126 (0.020), 

which means that region can “explain” 3.2 percentage points of the un-

conditional gap. The decomposition in Eq. (3) seeks to quantify how 

important each regional indicator is. To illustrate how this decomposi-

tion works, column 3 reports the Black–White gap in the probability of 

living in each region. Finally, column 4 multiplies the coefficient from

13 Existing work provides little theoretical or empirical guidance for whether 

the benefit amount or the replacement rate is more important for determining 

take-up.
14 Supplementary Appendix Table A.1 shows that the share living in the South 

is similar among those that do not experience a job separation.
15 UI benefits in a state are usually equal to a share of pre-unemployment 

earnings up to a maximum benefit level. This maximum creates a non-linear 

relationship between earnings and benefits, making it possible to study the 

relationship between UI receipt and both earnings and the replacement rate.
16 For the same reason, we do not interpret unconditional or conditional gaps 

as the effect of race on UI receipt.

Table 3 

Illustrative decomposition of Black–White gaps in unemployment insurance 

receipt, likely eligible individuals.

Black–White Explained

UI receipt Gap Portion

(1) (2) (3) (4)

Black −0.158 −0.126

(0.020) (0.020)

South −0.158 0.288 −0.046

(0.020) (0.020) (0.007)

Midwest −0.103 −0.073 0.008

(0.020) (0.016) (0.002)

West −0.048 −0.140 0.007

(0.022) (0.012) (0.003)

Notes: Column 1 reports the unconditional Black–White gap in UI receipt among 

likely eligible individuals as in Eq. (1). Column 2 reports the conditional gap 

from Eq. (2), where we control only for region indicators. Column 3 reports the 

Black–White gap in each variable. Column 4 reports the product of Columns 2 

and 3, which is equal to the portion of the racial gap in UI receipt that is ex-

plained by each variable. See text for details. Heteroskedasticity-robust standard 

errors are provided in parentheses. Source: Authors’ analysis of the 1990–2014 

SIPP panels.

column 2 by the gap in column 3 to calculate the portion of the uncondi-

tional gap that is explained by each variable. For example, we calculate 

that Black individuals’ higher propensity to live in the South can explain 

4.6 percentage points of the overall 15.8 percentage point gap in UI re-

ceipt. The total explained portion is found by adding up these estimates 

for all regions.

As is clear from this simple example, the statistical decompositions 

do not identify causal effects or disentangle many deeper issues. For 

example, the lower rate of UI receipt in the South could be the result of 

policies or social factors that were caused by the historical concentration 

of Black individuals in the South. As a result, the coefficient on the South 

indicator does not represent the causal effect of the South on UI receipt, 

holding everything else constant. A similar point applies when interpret-

ing the decomposition for many other variables. Nonetheless, we view 

these decompositions as useful for studying which characteristics have 

more statistical power in explaining racial gaps, which ones have zero 

power, and what share of the gap remains unexplained despite our rich 

set of controls. With this important issue in mind, we turn to a set of de-

compositions that include many more potential explanatory variables. 

Exploring multiple explanatory variables at the same time is useful be-

cause of correlations between different variables (e.g., both income and 

UI benefit generosity tend to be lower in the South).

Columns 1 and 3 of Table 4 report Black–White gaps in UI receipt and 

benefit amount for individuals who are likely eligible for UI. The first 

row shows that the unconditional gaps in UI receipt and benefit amounts 

are 15.8 p.p. (standard error: 2.0) and $1468 (s.e.: 138). The second 

row presents conditional gaps, estimated as 𝜃 

𝑐 in Eq. (2). We control 

for a battery of observed covariates, as detailed below. The conditional 

Black–White gap in UI receipt is reduced to 5.6 p.p. (s.e.: 2.0), indi-

cating that differences in observed characteristics (and their correlates) 

between Black and White individuals explain 65 % of the unconditional 

receipt gap. The conditional Black–White gap in UI benefits is reduced to 

$328 (s.e.: 143), indicating that differences in observed characteristics 

explain 78 % of the unconditional benefit amount gap.

In the remaining rows of Table 4 we report how much of the gap 

is explained by each set of characteristics, conditional on the other co-

variates. To explore the role of earnings history, we include a 10-part 

spline in base period wages and a 10-part spline in the highest quarter 

of wages during the base period. 

17 We also include a 10-part spline in

17 We include separate splines for base period and highest quarter wages 

because the latter matters for eligibility and benefit levels.
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Table 4 

Decomposing Black–White gaps in unemployment insurance receipt, likely 

eligible individuals.

Dependent variable: Receives UI in 

12 months post 

job separation 

UI benefit amount in

12 months post 

job separation

(1) (2) (3) (4)

Unconditional Black–White gap −0.158 (0.020) −1467.94 (138.45) 

Conditional Black–White gap −0.056 (0.020) −328.14 (143.05) 

Explained gap −0.102 (0.011) −1139.80 (102.66)

Demographics −0.001 (0.006) −80.88 (43.78)

Gender 0.007 (0.002) 28.32 (12.75)

Age −0.015 (0.003) −115.60 (23.18)

Marital status −0.002 (0.003) −17.01 (26.45)

Children 0.004 (0.002) 10.57 (17.49)

Education 0.004 (0.002) 12.83 (17.32)

Earnings and work history −0.051 (0.009) −813.37 (92.66)

Base period wages −0.036 (0.008) −707.12 (87.21)

Base period hours −0.001 (0.004) 3.13 (28.81)

Union −0.002 (0.001) −33.79 (13.05)

Industry −0.013 (0.003) −75.59 (27.47)

Potential UI benefits −0.001 (0.005) 174.88 (47.20)

Potential replacement rate −0.000 (0.004) 204.81 (48.69) 

Potential benefit weeks −0.001 (0.002) −29.93 (18.39) 

State economic conditions −0.002 (0.002) −21.73 (17.99)

State unemployment rate −0.002 (0.002) −20.44 (17.58) 

Log gross state product −0.000 (0.000) −1.28 (5.35) 

State UI rules −0.013 (0.007) −177.54 (53.82)

Simulated eligibility −0.000 (0.000) −0.43 (2.64)

Simulated replacement rate −0.002 (0.001) −2.75 (9.43)

Maximum UI benefit −0.005 (0.004) −148.53 (34.64)

Denial rate of UI claims −0.002 (0.003) −8.64 (24.26)

UI filing methods −0.004 (0.006) −17.20 (42.37)

State non-UI policy rules −0.008 (0.008) 15.49 (67.99)

Maximum AFDC benefit −0.008 (0.008) 24.38 (65.21) 

State EITC benefit −0.001 (0.001) −5.61 (8.48) 

State minimum wage 0.001 (0.001) −3.28 (5.64) 

State political parties 0.001 (0.003) −25.82 (21.63)

Governor political party 0.000 (0.001) 33.82 (24.98) 

Legislature political party 0.001 (0.003) −59.64 (31.75) 

Region −0.015 (0.008) −125.14 (62.42)

South −0.023 (0.010) −253.55 (84.58)

Midwest 0.003 (0.002) 32.82 (18.85)

West 0.005 (0.004) 95.60 (41.82)

Year −0.011 (0.006) −85.70 (56.16)

Notes: The first row reports the unconditional Black–White gap among likely 

eligible individuals as in Eq. (1). The second row reports the conditional gap 

from Eq. (2). The remaining rows report results of the decomposition in Eq. 

(3). See text for details. Numbers may not add up exactly because of rounding. 

Heteroskedasticity-robust standard errors are in parentheses. Source: Authors’ 

analysis of the 1990–2014 SIPP panels.

base period hours worked, an indicator for being a union member be

fore unemployment, and a set of 11 industry fixed effects to understand 

the role of work history. We use flexible parameterizations to explain as 

much variation as possible, but the linear structure in 

-

Eq. (3) allows us to 

aggregate the underlying terms into more easily interpretable summary 

measures.

Earnings and work history account for a significant share of the 

UI receipt and benefit amount gaps. The single most important fac

tor is base period and high quarter wages: Black workers have lower 

pre-unemployment earnings, which predict lower receipt and benefit 

amounts. Base period and high quarter wages thus account for 23 % 

(= 0.036/0.158) of the UI receipt gap and 49 % of the benefit amount 

gap. 

-

18 The important role of earnings is also evident in Supplementary 

Appendix Fig. A.2, which plots UI receipt and benefit amount for White 

and Black individuals by decile of base period wages. The figure shows

18 A natural explanation for why earnings history explains a larger share of the 

benefit amount gap is because pre-separation earnings directly influences the 

weekly benefit amount.

that individuals with higher base period wages are more likely to receive 

UI benefits and receive higher benefit amounts. 

19

Why are lower-income individuals less likely to receive UI, even 

among likely eligible individuals? Prior work suggests several potential 

explanations, such as lower benefit levels, more difficulty navigating the 

application process, and incomplete information about eligibility and 

benefit levels. We use data from the CPS UI Nonfilers Supplements to 

explore this question. In Panel A of Supplementary Appendix Table A.3 

we restrict the sample to individuals who are eligible for UI according 

to the reason for job loss criteria, and in Panel B we further restrict the 

sample to those who likely satisfy monetary eligibility requirements. 

20

The results show two interesting findings. First, column 1 in Panel 

A shows that 45 % of all non-filers who lost a job did not apply for UI 

because they thought they were ineligible, while the other reasons for 

non-filing are small in magnitude. The share of non-filers who thought 

they were ineligible is similar in magnitude even among individuals who 

likely qualify for UI according to their past earnings, suggesting that 

many non-filers might be misinformed about eligibility. Second, there 

is an important gradient in education, with lower-educated non-filers 

being much more likely to state that they are ineligible. Importantly, 

no other reason for non-filing exhibits gradients that would explain the 

lower take-up of less educated individuals. Our findings align with prior 

work that has used these same data to understand reasons for UI non-

filing (Wandner and Stettner, 2000; Vroman, 2009; Gould-Werth and 

Shaefer, 2012). Overall, the CPS survey data suggest that the most likely 

explanation for the lower take-up of lower-income individuals is lack of 

knowledge about UI eligibility.

Table 4 also suggests that little of the receipt gap is explained by 

demographic variables (gender, age, marital status, number of children, 

years of education), each person’s potential UI benefits (the replacement 

rate and benefit weeks), state economic conditions (the unemployment 

rate and gross state product), state-level non-UI policies (AFDC and EITC 

benefits, plus the minimum wage), and the political party in power in the 

governor’s office and state legislature. 

21 State-level UI policies—the sim

ulated eligibility rate, the simulated replacement rate, the maximum UI 

benefit amount, the share of initial UI claims that are denied, and indica

tors for whether individuals can file for UI through various means—can 

explain 8 % of the UI receipt gap.

-

-

22 

 Results are generally similar in 

column 3 for the benefit amount. The key exception is that the amount 

explained by each person’s potential replacement rate is sizable and pos

itive in column 3. This is explained by Black individuals’ higher potential 

replacement rate (

-

Table 2). State-level UI policies can explain 12 % of 

the gap in UI benefit amounts, mainly because of differences across states 

in maximum benefit levels.

19 Supplementary Appendix Fig. A.2 also shows that there is a gap between 

the UI receipt rates of Black and White individuals at virtually all income lev

els. Appendix Figure A.3 shows that there is also a gap at all levels of potential 

weekly benefit amounts. Combined, these figures suggest that other factors be

sides base period wages or potential benefits determine UI gaps. This motivates 

our inclusion of many other covariates in the decomposition.

-

-

20 More specifically, in Panel A we restrict the sample to White and Black in

dividuals 16 years or older who are unemployed because of job loss and who 

did not apply for UI. In Panel B we further restrict the sample to individuals 

with a least $5000 in earnings in the prior year. This is a much smaller sample 

because the nature of the CPS interview schedule allows us to link only a subset 

of individuals to the ASEC CPS to obtain their annual earnings.

-

21 One might worry that the limited explanatory power of demographic vari

ables is due to the high correlation between earnings and demographics. The 

small standard errors on demographic variables in 

-

Table 4 reduce concerns about 

multicollinearity. In a robustness check described below, we also find that omit

ting earnings from the decomposition does not increase the explanatory power 

of other variables by much.

-

22 We calculate the simulated eligibility rate and simulated replacement rate 

by using a constant, nationwide sample of potential job losers and state UI rules, 

as described in Section 2.2.
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The last set of explanatory variables that we consider in Table 4 are 

indicators for the region where individuals separate from their jobs, 

which explain a sizable share of the unconditional racial gaps. Living 

in the South, where UI receipt and benefit amounts are lower and Black 

individuals are more likely to live, accounts for 15 % of the racial gap 

in UI receipt and 17 % of the benefit gap. 

23 Notably, these region in-

dicators matter even when conditioning on each person’s potential UI 

benefits—determined by statutory rules—and a large number of state-

level variables. We view these region indicators as capturing broader 

differences in economic and social characteristics that are not reflected 

in our observed variables. For example, we cannot observe regional 

differences in perceptions of UI eligibility, the complexity of UI ap-

plications, interactions between unemployed individuals and UI case 

workers, the extent to which employers contest former workers’ UI 

claims and how such challenges are adjudicated, or historical factors 

that affect Black individuals’ trust in the government. 

24 More broadly, 

the legacy of Jim Crow policies in the South could affect UI take-up 

today even beyond readily measurable policies. 

25

3.5. Robustness

Supplementary Appendix B describes several robustness checks. We 

show that results are similar when reweighting our sample to account 

for the removal of observations with imputed UI variables and when 

including Hispanic individuals in the analysis. We estimate versions of 

Table 4 that exclude base period and high quarter wages to show that 

the limited importance of demographic variables is not driven by cor-

relations between earnings and demographic characteristics. We also 

estimate specifications that include net worth, which plays little role in 

explaining racial UI gaps conditional on the other variables in the model 

(most notably, earnings). Moreover, we show that our results are similar 

when excluding region fixed effects and replacing region and year fixed 

effects with fixed effects for state-by-year. Finally, while in our baseline 

specification we measure UI receipt and benefits in the 12 months after 

separation, we show that our results are not sensitive to the length of 

this window.

A potential concern is that our estimates are biased because of er-

rors in measuring UI benefits in household surveys. For example, Meyer 

et al. (2020) use administrative data from Illinois and Maryland in the 

early 2000s to show that food stamp receipt is underreported in several 

household surveys. Among a sample of households with income below 

twice the poverty limit, they find that nonwhite-headed households are 

more likely to report food stamp receipt in both survey and administra-

tive data, with survey data understating the size of the racial gap. Using 

administrative data from New York State for 2007–2012, Celhay et al. 

(2021) find similar patterns.

Several factors suggest that our results are not driven by differential 

reporting biases between Black and White individuals. First, our overall 

UI receipt rates from the SIPP are similar to estimates from administra-

tive data. 

26 A close correspondence between survey and administrative

23 The amount explained by the South indicator in Table 4, which includes 

many other covariates, is half the amount in Table 3, which includes only re-

gion indicators. This highlights the importance of including multiple explanatory 

variables that might be correlated with each other.
24 To the extent that these factors do not vary across regions, they could 

contribute to unexplained racial gaps.
25 When UI was introduced in 1935, 65 % of Black workers were not covered by 

the UI system, compared to 27 % of White workers (DeWitt, 2010). In a different 

domain, Alsan and Wanamaker (2018) find that government-sponsored discrim-

ination against Black individuals in the South (through the Tuskegee Study) led 

to decreases in medical trust and reductions in take-up of medical services.
26 Using data from six states in the 1970s and 1980s, Anderson and Meyer 

(1997) find that 24 % of job separators receive UI, and that this number increases 

to 39 % for separators likely to be eligible for UI based on the reason for separa-

tion. By comparison, when looking at the 1986–1989 SIPP panels, we find that 

24 % of the all unemployed sample reports receiving UI, with this number rising

measures might be surprising in light of previous work documenting sub-

stantial underreporting of aggregate UI benefits in survey data (Meyer et 

al., 2015). Potential explanations include the fact that we exclude indi-

viduals for whom UI receipt is imputed and use a sample of individuals 

that remain in the SIPP survey for at least 16 months (who might be more 

reliable survey respondents). Second, our focus on a 12-month period af-

ter job loss means that our results are less sensitive to misreporting of the 

specific month when individuals receive UI. Third, Fig. 1(c) and (d) show 

that multiple measures of racial gaps in UI receipt are stable over time. 

By comparison, Meyer et al. (2015) document that measurement error 

of UI benefit dollars in the SIPP and other surveys has increased substan-

tially over time. These two facts suggest that the racial UI gap is not an 

artifact of imperfect survey quality. Finally, Larrimore et al. (2023) find 

that the number of UI recipients and the amount of UI benefits in the 

Current Population Survey (CPS) are lower than measures from tax data, 

with the CPS underreporting being largest for lower-income tax units. 

The fact that we find a sizable racial gap in UI receipt for individuals 

across the income distribution suggests this type of income-based mea-

surement error does not drive our results (see Supplementary Appendix 

Fig. A.2).

We examine this issue more closely in Supplementary Appendix C 

by incorporating estimates from Department of Labor Benefit Accuracy 

Management (BAM) program administrative data, which contain the re-

sults of regular audits of UI claims by investigators. BAM data provide 

excellent measures of weekly benefit amounts for UI claimants. When 

using average weekly benefit amounts from BAM data, we find that the 

racial gap in total UI benefits is even larger than when using the SIPP. 

This occurs because the average weekly benefit amount among UI recip-

ients in the SIPP is more understated among White individuals ($348 in 

the SIPP vs. $385 in the BAM) than among Black individuals ($297 vs. 

$310). This suggests that race-specific measurement error in the amount 

of UI benefits received per week does not drive our results. We cannot 

use BAM data to measure the other determinants of the racial gap in 

UI benefits, such as the share of people who receive UI. However, we 

consider several extreme assumptions that point to the robustness of the 

finding that Black individuals who separate from their jobs receive fewer 

UI benefits than White individuals.

4. Conclusion

This paper shows that Black individuals are less likely to receive UI 

benefits and receive fewer dollars in benefits after job loss than White 

individuals. These gaps are quite stable over a three-decade period and 

similar when limiting the sample to individuals who are likely eligible 

for UI. Racial gaps in UI receipt are sizable. Among individuals who are 

likely eligible for UI, raising the Black recipiency rate to the White level 

would lead to a 15 percentage point increase in the share of individuals 

who receive UI and a $1468 increase in mean UI benefits. To put the 

size of this gap in perspective, Black individuals who are likely eligible 

for UI earn an average of $28,972 per year, $12,269 less than White 

individuals. Thus the UI gap is equal to 5 % of Black individuals’ yearly 

earnings and 12 % of the Black–White earnings gap.

Statistical decompositions indicate that, among those who are 

likely eligible for UI, Black individuals’ lower average amount of pre-

unemployment earnings can account for 23 % of the racial gap in UI 

receipt and 49 % of the gap in UI benefit amounts. The other key fac-

tor is that Black individuals are more likely to live in the South, where 

UI receipt and benefits are lower. These decompositions suggest that

to 48 % when limiting to individuals who likely are eligible for UI. Lachowska 

et al. (2022) use a sample of job separators from 2005 to 2013 in Washington 

and estimate that 45 % of likely-eligible job separators received UI benefits. (In 

particular, column 3 of their Table 1 implies that 45.3 % of likely-eligible job 

separators applied for UI benefits and 44.6 % of eligible job separators received 

benefits.) By comparison, we find that 40 % of likely-eligible job separators in 

our sample from 2005–2013 reports receiving UI.
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racial gaps in UI receipt might be closed by increasing UI access in the 

South and by addressing issues that lower UI receipt among individuals 

with less income, such as incomplete information about eligibility. At the 

same time, observed variables do not explain 22 %–35 % of the observed 

racial gaps. Generating additional evidence on these unexplained gaps, 

as well as the causal determinants of racial gaps in UI, are important 

directions for future work.
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Supplementary data to this article can be found online at 
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Data availability
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